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are taking, (3) some interconnections between these actions, and (4)
some goals with respect to which we can evaluate these actions.

Whenever I see a combination of these four things, I see a super-
mind. But it’s important to realize that seeing a supermind is some-
times useful and sometimes not. For instance, I might say that the four
legs on the table in my office constitute a group of individuals acting
collectively to keep the top of the table from falling to the floor. This
is true as far as it goes, and in this sense my table is an extremely sim-
ple kind of supermind. But applying the concept of superminds to my
table in this way is probably not very useful because —as far as I can
tell —it doesn’t give us any new insights about how to use tables or do
anything else.

Just as physicists need to learn how to artfully apply concepts like
force, mass, and energy to get useful insights about real physical situa-
tions, so, too, do we need to learn how to artfully apply the concepts of
superminds and collective intelligence to get useful insights about the

real world.
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CHAPTER 2

Can a Group Take
an Intelligence Test?

For perhaps as long as humans have existed, people have known
informally that some humans seem to be smarter than others.
Some people just figure things out faster, know more, and learn more
quickly. But in the early 1900s, psychologists made a breakthrough in our
understanding of this phenomenon: they developed a way to objectively
measure something similar to what we have always called intelligence.
Can we do the same thing for groups? Can we objectively measure
how smart a group (or supermind) is? If so, can we objectively say that
some groups are smarter than others? Is there even a scientific sense in
which we can say that a group is “intelligent” in the first place? Thanks
to recent research my colleagues and I did, we now know that the answer
to all these questions is yes. But to understand why, we first need to

know a little more about individual intelligence and how it is tested.

MEASURING INDIVIDUAL INTELLIGENCE
The most important advance that made intelligence tests possible was

the discovery of a surprising fact about human abilities. Imagine that



you know John is good at math and Sue is good at reading. How would
you guess each would perform at the other subject? If you're like many
people, you might guess that John is probably average or worse at read-
ing and Sue is similarly average or below in math. Based on our every-
day experience, it seems like this might well be true in general.

But here’s the surprising fact that we now know from hundreds of
scientific studies: on average, people who are good at one kind of men-
tal task are good at most others, too.! Those who are good at reading
are usually better than average at math and vice versa. Those people
who are good at math and reading also tend to have good memories,
possess greater general knowledge about the world, and be better at
logical reasoning, among many other qualities.2 Of course, different
people develop their skills more fully in some areas than others, but
some people are just better than others at what we defined in the previ-
ous chapter as general intelligence—the ability to do a wide range of
mental tasks well.

Here’s 2 more scientific way of saying this: if you ask lots of people
to do lots of different mental tasks, and if you analyze the results sta-
tistically, you'll find that their scores on each task are positively corre-
lated with their scores on most of the other tasks.

Then, with that data set, you can use a statistical technique called
factor analysis to see the underlying structure of how the different
scores are related. If you want to use factor analysis to analyze the
structure of people’s political attitudes, for instance, you could ask
their opinions on lots of issues (like abortion, taxes, gay marriage, and
universal health care). And the analysis would tell you whether a single
underlying dimension (like liberal versus conservative) explains most
of their answers or whether multiple dimensions (like for social issues
and economic issues) are necessary.

When psychologists use this technique to analyze people’s scores
on different mental tasks, they usually find that a single statistical fac-

tor predicts about 30—60 percent of the variation in people’s perfor-
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mance on all the tasks. No other single factor predicts more than about
half this much variation.’ The statistical technique calculates a score
on this factor for each individual, and the people with high scores do
better on most of the tasks than those whose scores are low. This sta-
tistical factor corresponds well with what we intuitively call intelli-
gence, and all modern intelligence tests are designed to include the
kinds of tasks that measure this factor.

It is important to realize that this result wasn’t preordained. There
are other characteristics of people, like personality, for which there is
no single factor that predicts others. For instance, if you know that
someone is an introvert, that doesn’t predict either way whether he or
she will be conscientious or agreeable.* But it turns out to be a very
well-established scientific fact that different people have different
amounts of general intelligence for doing mental tasks.

Of course, this result is scientifically interesting, but it also has sig-
nificant practical importance. With any standard intelligence test, you
can predict how well someone will do on lots of other tasks without
taking months or years to observe them all individually. If you want to
predict how well someone will do in school, for instance, or how suc-
cessful he or she will be in many jobs, you can do so pretty well with
just the results of a short paper-and-pencil intelligence test.’ It even
turns out that, statistically speaking, people who are more intelligent
live longer. Being able to predict these important life outcomes based
on an objective measure has lots of very important practical conse-
quences, including, among many others, the growth of the multibillion-
dollar educational testing industry, which uses tests very similar to
intelligence tests.

But it’s important to remember that these intelligence tests are far
from a magic bullet for predicting everything about a person’s future.
There are many other important kinds of abilities that are not mea-
sured by standard intelligence tests. For example, Howard Gardner

includes musical ability, physical ability, and interpersonal ability as
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different kinds of intelligence.5 And there are many other factors
besides intelligence that affect success in school and life, including —
to name just a few—how hard you work, how much help you receive
from your family and friends, and— of course—how lucky you are.

Some people have—rightly—criticized our excessive reliance on
standardized intelligence and other tests. (SATs and other similar edu-
cational tests aren’t intentionally designed as intelligence tests, but
their results are highly correlated with those of intelligence tests.) But
the problem is not that the tests have no value; it’s that we sometimes
expect too much from them. We often assume that the tests are even
better predictors than they actually are, and we place too much empha-
sis on the qualities the tests measure and not enough on other things
that also matter.

But this shouldn’t cause us to lose sight of the fact that intelligence
tests are often the best single predictors we have of how well people
will perform on things that matter to us. For instance, in one very
comprehensive study, intelligence tests were the most accurate single
predictor of job success, proving more accurate than job tryouts, refer-
ence checking, interviews, and academic achievement.” So even though
they’re certainly not perfect predictors of all life outcomes, it’s fair to
say that the development of individual intelligence testing is one of the
most important achievements in the field of psychology in the 20th

century.

AN INTELLIGENCE TEST FOR GROUPS

But what do all these results about individual intelligence mean for col-
lective intelligence? Can groups be intelligent in the same way individ-
uals are? Is there any objective way to say that some groups are smarter
than others? In other words, is there a single statistical factor for a
group—Ilike there is for an individual — that predicts how well the

group will perform on a wide range of very different tasks?

As far as my colleagues and I could tell, no one had ever asked this
obvious question before. So we set out to answer it. My colleague Anita
Woolley played a key role in all this work and was the first author on
the paper in which we reported our original results.? Christopher
Chabris and a number of others (named in the notes for this chapter)
were also involved in parts of the work.

'To create an intelligence test for groups, the first thing we needed
to do was to select a set of tasks for the groups to do. We could have
just asked groups to work together to answer the questions on 2 stan-
dard individual intelligence test. That would have included a variety of
mental tasks, but it wouldn’t necessarily have included a variety of tasks
on which groups work together. So we used a well-known framework
created by social psychologist Joseph McGrath for classifying group
tasks,” and we selected tasks from each of the main categories in his
framework: &W{Wm&

For tasks involving generating something new, for instance, we
asked groups to brainstorm various uses for a brick. For tasks involy-
ing choosing from among specified alternatives, we asked groups to
solve visual puzzles from a standard individual intelligence test called
Raven’s Matrices. For negotiating tasks, we asked members of groups to
pretend that they all lived in the same house and then to plan a shop-
ping trip subject to various constraints on travel time, costs, and
perishability of the items they needed to buy. Finally, for executing
tasks, we asked them to type a long text passage into a shared online
text-editing system. We also asked them to perform other tasks like
word-completion problems, spatial puzzles, and estimation problems.
Overall, we used these tasks to represent the wide range of tasks that
groups might perform in the real world.

The next thing we needed to do was recruit groups to take our test.
It would have been easy to recruit college undergraduates like those
who surround us on the campuses of MIT and Carnegie Mellon Uni-

versity, the two universities where we carried out these studies. But we
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thought that—especially for a study of group intelligence— our results
might be skewed if all our subjects were the kind of highly intelligent
and academically accomplished students who study at our universities.
So instead we recruited our test subjects from the general public in our
cities using a variety of channels, including public websites like Craigs-
list, because we wanted the groups to be representative of a broad cross-
section of our communities. And according to the short individual
intelligence tests we gave our subjects, their intelligence distribution
was very similar to that of the general US population.

In our two original studies, we had a total of 699 people in 192
groups of two to five people each. Unlike most groups in businesses
and other organizations, our groups had no assigned leaders, and peo-
ple weren't selected for the groups based on any special skills. But in all
cases, the group§ worked together on their assigned tasks as a group,

not as individuals.

DOES THE TEST WORK?
After we had given all the groups a chance to perform all the tasks, we
analyzed the correlations among them. This was a key moment of sus-

pense in our research. Would there be a single factor that explained
how well groups performed a wide range of tasks, as there is for indi-
viduals? Or would there be some more complicated factor structure
where, for example, some groups were good at mathematical tasks and
others were good at verbal tasks?

The answer was: groups are like individuals. It turned out that

there is a single statistical factor for a group—just as there is for an
individual —that predicts how well the group will do on a wide range
of tasks. As we saw above, for individuals this factor predicts about
30-60 percent of the variation on different tasks. For the groups in our

studies, it was in the middle of that range—about 45 percent. Because
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this factor is called intelligence for individuals, we called our new fac-

tor for groups collective intelligence.

In other words, we found that groups have a form of general intel-
ligence, just as individuals do. This means that, just as with individual
intelligence, we may be able to use collective intelligence to under-
stand much more about what makes groups effective on a wide range
of tasks.

To begin this process, our original studies included a check to see
whether the collective intelligence factor we measured predicted per-
formance on tasks not used to calculate it. To do this, we also asked
the groups to perform more complex tasks that required a combina-
tion of different kinds of abilities. In one study, for instance, the groups
played checkers against a computer. In another study, they built struc-
tures using building blocks, subject to a set of rules about what to
build.

We found that the collective intelligence scores did indeed signifi-

cantly predict performance on these more complex tasks. In fact, a

group’s collective intelligence score was a much better predictor of
how well the group did on these more complex tasks than either the

average or the maximum individual intelligence of the group members.

WHAT MAKES A GROUP SMART?
Before we conducted our studies, we thought we might find a single
collective intelligence factor for groups that was mostly predicted by the
average individual intelligence of the group members— that is to say,
the smarter the members, the smarter the group. But what we found
was much more interesting.

First, we did find that the average and maximum intelligence of the
group members was correlated with the group’s collective intelligence,

but this correlation was only moderately strong. In other words, just |
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putting a bunch of smart people together doesn’t guarantee that you’ll
have a smart group. You might guess this from your own experience:
most of us have seen plenty of groups of smart people who couldn’t get
anything useful done. But if just having a bunch of smart people in a
group isn’t enough to make the group smart, what is?

We looked at a number of factors that previous research suggested
might have predicted how effective a group would be, such as how sat-
isfied the group members were with their group, how motivated they
were to help the group perform well, and how comfortable they felt in
the group. None of these factors was significantly correlated with the
group’s collective intelligence.

But we did find three factors that were significant. The first was
the average social perceptiveness of the group members. We-‘_rr;;-a_s:ured
this using a test called Reading the Mind in the Eyes, in which people

looked at pictures of other people’s eyes and tried to guess the mental
state of the person in the picture (see below).1* This test was originally
developed as a measure of autism—people with autism and related
conditions do very poorly on the test—but it turns out that even
among “normal” adults, there is a significant range of people’s abilities
to do this task well.

You might call this a measure of a person’s social intelligence, and
we found that the groups in which many of the members were high on

this measure were, on average, more collectively intelligent than other

groups.

O flustered O desire O convinced

QO amused QO relaxed

.

Qiinsisting
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The_second important factor we found was the degree to which
group members participated about equally in conversation. When one or

two people dominated the conversation, the group was, on average,

less intelligent than when participation was more evenly distributed.
Finally, we found that a group’s collective intelligence was signifi-

cantly correlated with the proportion of women in the group. Groups

with a higher pr i women were more intelligent. But this

result was mostly explained statistically by the measure of social

perceptiveness.

It was already known before we started our research that women,
on average, score higher on this test of social perceptiveness than men.
So one possible interpretation of our result is that what matters in
making a group collectively intelligent is the social perceptiveness of
the group members, not their gender. In other words, if you have
enough people in a group who are high on social perceptiveness, that
may be enough to make the group smart, regardless of whether those
people are men or women. But if you’re choosing people to be in a
group, and you know nothing about a person except his or her gender,
you are a little more likely to find social perceptiveness in women than
in men.

Interestingly, our result didn’t match up with typical assumptions
about diversity. Most people would think that the most intelligent
groups should be the ones that have about half men and half women.

But in our data, the groups with an equal number of men and women
e ———— T I SE

were among the least intelligent. As the following graph shows, our
data suggests that the collective intelligence of the group may con-
tinue to increase along with the percentage of women.!

It’s also important to realize that, since the points on the graph
don’t follow any smooth line, there is probably a fair amount of “noise”
in the data (for instance, the vertical lines extending from the data
points show what statisticians call the standard error of the points).

We expect that future research will shed more light on the complexities
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of what is happening here. But at a minimum, our results already pro-
vide intriguing suggestions about the role that the proportion of men
and women in a group might play in determining the group’s collec-

tive intelligence.

SOCIAL INTELLIGENCE IS A KEY TO COLLECTIVE INTELLIGENCE
An important clue to what’s going on comes from the fact that when
we tried to predict collective intelligence using all three factors at the
same time (social perceptiveness, distribution of speaking turns, and
percentage of females), we found that the ggﬁﬁtWti—

cally significant was social perceptiveness. This doesn’t mean that the

other two factors were unimportant. It just suggests that the underly-

ing mechanism at work in both of the other cases may be social per-

. ceptiveness. We saw above, for instance, that social perceptiveness

might be what causes the effect of gender and that perhaps socially

- perceptive people are more likely to take turns speaking, too.

A striking demonstration of how powerful this social perceptive-
+

ness factor can be comes from a later study we did with online groups.
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In this study, we randomly assigned people to one of two kinds of
groups.”” The face-to-face groups sat around a table talking to one
another while they took a version of the collective intelligence test on
laptop computers. The online groups took the same test, but they
couldn’t see each other at all, and they could only communicate by
typing text messages to one another. We found that the social percep-
tiveness of the group members was equally good at predicting collec-
tive intelligence in both kinds of groups. In other words, people who
were good at reading emotions in other people’s eyes were also good at
working together, even when they were doing so online and couldn’t
see each other’s eyes at all!

This suggests that social perceptiveness must actually be corre-
lated with a much broader range of interpersonal skills that are just as
useful online as face-to-face. For instance, the kind of social intelli-
gence that lets you read emotions in people’s faces might also help you
guess what other people are feeling based on what they type and help
you predict how they will react to various things you might type back.

In other words, the social skills and social intelligence that are so
important in a face-to-face world may be at least as important in the

increasingly online world of our future.

COGNITIVE DIVERSITY MATTERS, T0O

In another study,” we looked at diversity of cognitive style— differences in
how people habitually think about the world. Based on previous research
on this topic, we considered people with three different cognitive styles:
verbalizers, object visualizers, and spatial visualizers* Verbalizers are good
at reasoning with words; object visualizers are good at dealing with the
overall properties of images (like paintings); spatial visualizers are good
atanalyzing images part by part (as in an architectural blueprint). Loosely
speaking, these three cognitive styles are typical of students in the

humanities, the visual arts, and engineering, respectively.
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When we analyzed the collective intelligence of groups with vari-
ous mixes of these cognitive styles, we found that the most collectively
intelligent groups were those with an intermediate level of cognitive
diversity. In other words, groups where the members had very differ-
ent cognitive styles weren’t as smart, perhaps because they couldn’t
communicate effectively with one another. And groups where all the
members had the same cognitive style weren’t as smart, either, perhaps
because they didn’t have the range of skills needed to do the different
tasks. The best combination seemed to be groups in the middle, per-
haps because there was enough commonality to communicate effec-

tively and enough diversity to solve a range of different problems.

DO COLLECTIVELY INTELLIGENT GROUPS LEARN FASTER?

One of the most important characteristics of individual intelligence is
that it predicts not just what people can already do but also how quickly
they can learn new things. Is the same true for collective intelligence?
Does a group’s collective intelligence predict how fast the group will
learn?

As a first step in answering this question, we gave some of the
groups in our original studies another task after they had completed
the collective intelligence test. We asked them to play a game that the
game’s developers called the minimum-effort tacit coordination game."
In each round of this game, each player had to pick one of five num-
bers. The number of points players earned was determined by the
number they chose as well as by the numbers the other members of
their group chose. In order to help them make a choice, the players
could each see a “payoff matrix” (see chart) showing how many points
they would receive individually based on the number they chose and
the minimum number chosen by anyone in the group.!

Somewhat like the well-known prisoner’s, dilemma game, the

minimum-effort tacit coordination game requires players to make
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Minimum of All Group Member Choices

0 10 20 30 40

0 |2,400

10 (2,200 2,800

20 |1,600 | 2,600 | 3,200

30 600 | 2,000 | 3,000 | 3,600

Individual’s Choice

40 | -800 | 1,000 | 2,400 | 3,400 | 4,000

their moves simultaneously and independently. They weren't allowed
to talk to one another about their choices, and the only way they could
coordinate was by watching what the other members of the group had
done in previous rounds. But unlike prisoner’s dilemma, this game
strongly rewards players for cooperating, not competing. Their indi-
vidual rewards were maximized if, over the 10 rounds of the game,
they all picked the same choice (the number 40). But this choice was a
risky one, because if you picked 40 and someone else in the group
picked 0, you lost points. With all the other choices, you could never
lose points, regardless of what the other group members did.

Most groups didn’t do very well in this game for the first few
rounds, but we found that, over the 10 rounds of the game, the groups

LV

itly coordinate with each other based on what they had done in the

previous rounds, and their point totals were significantly greater than
those for the other groups. So at least by this measure, groups that are

more collectively intelligent also—as we hoped —learn faster.

WHAT ELSE DOES COLLECTIVE INTELLIGENCE PREDICT?
In another set of studies, we translated our collective intelligence test
into German and Japanese, and we studied groups taking it in their

respective languages in the United States, Germany, and Japan. As
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further confirmation of our original results, we found that the same
kind of collective intelligence factor as in our original study emerged
across all three countries and across various group communication
modes: face-to-face, voice, video, and text.

We also found that scores on our collective intelligence tests pre-
dicted how well student groups performed on a class project and how
well laboratory groups performed on a task where they had to select
items that would be most important to their survival if they crash-
landed in the desert.””

Perhaps an even more important question is whether collective
intelligence predicts how well groups will perform on tasks whose out-
comes matter in the real world, not just in the laboratory or the class-
room. As a first step in this direction, we found some intriguing results
in the world of video games. We studied teams in one of the most pop-
ular online video games in the world: League of Legends. In this
game, players typically form teams of five that work together to cap-
ture the opposing team’s base, killing monsters and meeting other
challenges along the way. Even though this is a simulated combat envi-
ronment, team members have to cooperate, much as they would in a
real-life military setting.

Many of the teams consist of people who play together repeatedly
over an extended period of time, and the game gives rankings to these
teams—similar to the rankings of expert chess players—based on
how well they have fared in their matches.

In cooperation with the game’s developers, Riot Games, over 200
of these teams took our collective intelligence test online. As we
hoped, we found that the teams’ collective intelligence scores were sig-
nificant predictors of their performance in the game, both at the time
they took the test as well as six months later, which indicates that the

effect is fairly long-lasting.!® So just as individual intelligence predicts
many kinds of real-world performance for indiviguals, collective intel-

ligence predicts this kind of real-world performance for groups.
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MEASURING COLLECTIVE INTELLIGENCE
Before proceeding, it’s worth pausing for a moment to reflect on what
we have just seen. The combination of all these studies provides a

strong basis for concluding that:

1. Human groups have a kind of collective intelligence that is directly
analogous to what is measured by individual intelligence tests.

2. This kind of collective intelligence is what we called general intel-
ligence in chapter 1: the ability to perform well on a wide range of
very different tasks.

3. This kind of collective intelligence is affected by
o the individual intelligence of the group members,

o the ability of the group members to work well with others
(as measured by their social perceptiveness), and

o the cognitive diversity of the group members.

4. The test my colleagues and I developed for measuring this kind of

collective intelligence predicts how well groups will perform

o on avariety of tasks in laboratories, classrooms, and online
games;
using face-to-face and online forms of communication; and

across different languages and cultures.

These results raise some interesting questions about how collective
intelligence tests can be applied. Could we give a short test like ours to
a sales team to predict how effective their efforts will be over the com-
ing months? Would the scores of a top management team or a board of
directors predict how well they will meet the challenges they face? We
don’t know the answers to these questions for sure yet, but we expect
that they will be yes.

Another interesting possibility involves increasing the collective
intelligence of a group—making it a more intelligent supermind. We
know that individual intelligence is hard to change after a young age,
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bl%t %[ seems quite possible to change the intelligence of a group. At a
minimum, it certainly seems possible to change a group’s intelligence
by replacing enough of its members, And in later chapters of this book,
we’ll see many other Wways to increase a group’s intelligence.

HOW ELSE COULD WE MEASURE COLLECTIVE INTELLIGENCE?
Though we were pleased with its results, the method my colleagues
and I developed for systematically measuring the intelligence of a
group has its limits. For one thing, this test is designed for relativeiy
small groups. We are using a version of it as I write this for groups of
up to 40 people, and we are very interested in pushing the limits to see
how large a group we can test with this method. But we expect that
when groups get large enough, some other method of testing will be
necessary.

On an even more basic level, in order to use the test we developed,
we have to intervene in a group, getting its members to do something
they wouldn’t otherwise do: take the test. For many groups in the real
world—such as large companies, markets, and democracies— it would
be very difficult indeed to convince everyone in the group to take the
time to spend even a few minutes on a special test like this. It would be
ideal if instead we could just observe a group doing what it ordinarily
does and use those observations to accurately estimate the group’s
intelligence.

Fortunately, there are a number of Ways to measure a group’s collec-
tive intelligence by either intervening or observing and by using either
of the definitions of intelligence in chapter 1.

You Can Observe a Lot by Watching
One way to measure a group’s specialized intelligence is just to pick a
goal and then observe how well a group achieves that goal. For instance,

you can measure how well a business achieves jts financial goals by
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using metrics like profit, productivity, and return on investment. Or
you can measure other aspects of a business’s performance with metrics
like the percentage of revenue that comes from products introduced in
the previous five years (a measure of product innovation), how many
jobs it creates, how well employees rate it as a place to work, and how
often executives at other companies express admiration for it.

You can measure the performance of a society as a whole by using
economic metrics like gross domestic product (GDP) or social metrics
like crime rates, literacy rates, and quality-of-life surveys. And you
might measure the performance of markets with metrics like how lig-
uid the market is, how volatile it is, and how rapidly it adjusts prices
based on new information.

In some cases, you can also observe a group’s collective general
intelligence. To do this, you need to be able to observe the group in
enough different situations to see how flexible or adaptable it is.

For example, we often think of the inventor Thomas Edison as a
genius, but in an important sense, the company he helped create, Gen-
eral Electric (GE), may have been even more of a genius as an organi-
zation. GE is the only company included in the original 1896 Dow
Jones Industrial Average that is still included today.” To survive and
prosper for over a century, in many different industries and many eco-
nomic environments, GE had to have been extremely flexible and
adaptable. Of course, it may well have benefited from good luck and

other factors, too, but it certainly seems reasonable to say that GE has
had a high level of collective general intelligence.

More recently, Apple has revolutionized at least three whole indus-
tries: personal computing, music, and mobile telephones. Many people
would attribute much of this success to a single individual, Steve Jobs,
but even since Jobs’s death, the company has continued to prosper.
Whatever the causes of its success in all these industries, I think it’s
fair to say that Apple has exhibited a great deal of collective general

intelligence.
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In general, economists have found that there is often a surprising
amount of persistence in the performance of companies—high per-
formers tend to stay successful and low performers tend to linger at
the bottom of the pack.?® For example, one study of manufacturing
plants in the United States found that 61 percent of plants that were in
the top fifth of all plants in terms of productivity in 1972 were still
there five years later,l and 42 percent were still there after 10 vears.
At the bottom end of the scale, 38 percent of the plants in the b(;ttom
fifth were still there 10 years later.2! Whole fields of management and
economics are attempting to determine what causes these differences,
but this stability of performance over time suggests a kind of collective
intelligence in these plants, high in some and low in others.

In addition to measuring the same variables over an extended
period of time, it is also possible to measure the general intelligence of
a group by observing many different variables at once. For instance,
the country of Bhutan focuses a great deal of attention on what they
call gross national happiness, a measure of societal well-being that
combines a wide variety of indicators, such as health, living standards,
education, and psychological well-being. If a society does well on all
these different measures, then we could say the society has more col-

lective general intelligence than if it just does well on one or two.

Sometimes You Have to Do Something

"To measure the collective intelligence of a group by intervening, you
need to pick some aspect of the group’s performance that you can test
by seeing how the group responds to your actions. This is often diffi-
cult with large groups because you either have to convince everyone in

the group to participate in the intervention or you have to have enough
resources to change the group’s environment.

For instance, if you had huge resources, you could intervene in an
organization’s environment by putting the organization in all kinds of

different situations—maybe starting a competing organization or
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giving it greatly discounted prices on some of the raw materials it
needs. Watching how the organization responds to such drastic actions
could certainly tell you interesting things about the organization’s
intelligence. But, of course, there are limits to doing such large-scale
experiments.

Small-scale interventions can also be useful, however. For instance,
many businesses use “mystery shoppers” to evaluate the performance
of employees who deal with the public in retail stores, restaurants, and
customer-service call centers. The mystery shoppers use an organiza-
tion’s services just as any customer would—eating a hamburger, buy-
ing clothes, or calling a telephone help line. The employees of the
organization being evaluated think the mystery shoppers are just ordi-
nary customers and presumably treat them as they would anyone else.
But unlike typical customers, these mystery shoppers are paid to care-
fully note and report what kind of service they receive.

Using mystery shoppers is often a good way of evaluating an orga-
nization’s specialized intelligence for achieving goals, like promptly
greeting and politely serving customers. And if interacting with the
mystery shoppers requires employees to perform many different kinds
of tasks, this could be a (partial) way of measuring the organization’s
collective general intelligence.

For instance, you could recruit a broad range of mystery shoppers—
old and young, male and female, well educated and not, angry and
polite—and ask them to call smartphone vendors’ customer-service
lines with a broad range of problems— hardware problems, software
problems, and simple failures to understand the product. If some com-
panies perform consistently well, you could say their customer-service
operations are high on collective intelligence, and if others do badly,
you could say their collective intelligence is lacking.

It would be interesting to see whether a statistical analysis of these
results would reveal a single factor that predicts a substantial amount

of the variation in performance across all the types of problems—
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similar to what we found in our small working groups. I wouldn’t be
surprised if that were the case.

So what does all this mean? We now know that applying the concept
of intelligence to groups is not just a poetic metaphor. For general
intelligence— good performance across a wide range of goals— we've
seen that intelligence emerges statistically for groups of people just as
it does for individuals. And specialized intelligence— effective perfor-
mance on a specific goal— provides a useful way of comparing group
performance on a single goal across many different groups.

We also learned some tantalizing hints of what makes some groups
smarter than others: just having smart individuals isn’t enough. The

individuals also need to be able to work together effectively.
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